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Abstract 

Background: Audit and feedback (A&F) that shows how health professionals compare to those of their peers, can be 
an effective intervention to reduce unnecessary antibiotic prescribing among family physicians. However, the most 
impactful design approach to A&F to achieve this aim is uncertain. We will test three design modifications of antibi-
otic A&F that could be readily scaled and sustained if shown to be effective: (1) inclusion of case-mix-adjusted peer 
comparator versus a crude comparator, (2) emphasizing harms, rather than lack of benefits, and (3) providing a viral 
prescription pad.

Methods: We will conduct two interrelated pragmatic randomized trials in January 2021. One trial will include fam-
ily physicians in Ontario who have signed up to receive their MyPractice: Primary Care report from Ontario Health 
(“OH Trial”). These physicians will be cluster-randomized by practice, 1:1 to intervention or control. The intervention 
group will also receive a Viral Prescription Pad mailed to their office as well as added emphasis in their report on use 
of the pad. Ontario family physicians who have not signed up to receive their MyPractice: Primary Care report will be 
included in the other trial administered by Public Health Ontario (“PHO Trial”). These physicians will be allocated 4:1 to 
intervention or control. The intervention group will be further randomized by two factors: case-mix adjusted versus 
unadjusted comparator and emphasis or not on harms of antibiotics. Physicians in the intervention arm of this trial 
will receive one of four versions of a personalized antibiotic A&F letter from PHO. For both trials, the primary outcome 
is the antibiotic prescribing rate per 1000 patient visits, measured at 6 months post-randomization, the primary analy-
sis will use Poisson regression and we will follow the intention to treat principle. A mixed-methods process evaluation 
will use surveys and interviews with family physicians to explore potential mechanisms underlying the observed 
effects, exploring targeted constructs including intention, self-efficacy, outcome expectancies, descriptive norms, and 
goal prioritization.
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Contributions to the literature

• Audit and feedback can act as an effective intervention 
to reduce unnecessary antibiotic use in primary care.

• This study leverages a pragmatic trial design and a 
theoretical informed process evaluation using mixed 
methods to enhance our understanding of antibiotic 
audit and feedback.

• This large-scale evaluation will evaluate three design 
modifications of antibiotic A&F that could be readily 
scaled and sustained if shown to be effective.

Background
Antibiotic overuse is common and contributes to rising 
rates of antimicrobial resistance. Primary care physi-
cians prescribe 64% of antibiotics, rendering this group 
of prescribers as crucial partners in antimicrobial stew-
ardship efforts [1–3]. Audit and feedback (A&F) can act 
as an effective intervention to reduce unnecessary anti-
biotic use in primary care [4–7]. More specifically, peer 
comparison A&F that shows how health profession-
als compare to those of their peers, can be an effective 
intervention for reducing antibiotic prescribing volume 
among family physicians [4, 6, 8]. For A&F to work, recip-
ients must feel that the data showing a gap between their 
existing and desired practice is both valid and actionable. 
However, research is needed to examine ways to optimize 
the effects of A&F by enabling this process [9]. Questions 
remain regarding the optimal way to incorporate these 
elements in A&F interventions and there is a need to test 
different designs comparatively (head-to-head). Further-
more, there is uncertainty about the effects of antibiotic 
prescribing feedback in the Coronavirus disease 2019 
(COVID-19) pandemic context, in which patterns of 
care (i.e. the increase in virtual care) have meaningfully 
changed. Analyses have shown that prescribing behav-
iour has fluctuated since the pandemic [10–13] and this 
may lead recipients of feedback to dismiss the validity of 
the audit when they see their prescribing has dropped.

Our Implementation Science Laboratory works with 
government agencies that conduct A&F to embed 
research studies within ongoing provincial activities 
[14] and with these questions in mind, we designed two 

interrelated trials to evaluate different elements of antibi-
otic A&F. Please refer to Additional File 1 for a full CON-
SORT checklist.

Ontario Health (OH) Trial
In Ontario, A&F is routinely offered to primary care pro-
viders from a variety of sources. For example, Ontario 
Health (OH)—an agency created by the Government of 
Ontario with a mandate to connect and coordinate the 
province’s health care system to help ensure that Ontar-
ians receive the best possible care—provides A&F to 
physicians who voluntarily sign up for their “MyPrac-
tice: Primary Care” reports and approximately 4750 (of 
9500 eligible) Ontario family physicians are signed up to 
receive these reports. These are multi-topic reports with 
aggregated (physician-level) data collated from ICES 
(formerly, the Institute for Clinical Evaluative Sciences; a 
publicly funded organization which holds administrative 
health services records for the province of Ontario) and 
sent twice a year via email to physicians. As of Decem-
ber 2021, the MyPractice: Primary Care reports will 
include data on antibiotic prescribing, along with qual-
ity improvement resources such as educational mate-
rial from Choosing Wisely Canada (a national initiative 
that seeks to reduce unnecessary tests and treatments in 
health care), including a link to a viral prescription pad 
(described below). This initiative provides us the oppor-
tunity to test elements of the viral prescription pad in the 
context of a multi-topic report.

Public Health Ontario (PHO) Trial
We have also planned a trial with Public Health Ontario 
(PHO)—an agency of the provincial government respon-
sible for providing scientific and technical advice on 
matters of public health concern— with primary care 
physicians that did not sign up for the MyPractice report 
mentioned above. In Fall 2018, we conducted an A&F 
trial that tested mailed letters to 3500 family physicians 
in Ontario, Canada, who prescribe the highest volume 
of antibiotics. The trial resulted in reduced antibiotic 
volume and antibiotic prescription durations [15]. This 
study was conducted with IQVIA data, which is popula-
tion-based, but could not be adjusted for patient volume 
or case-mix. During the project, we learned that fam-
ily physicians questioned the credibility of the report in 

Discussion: This protocol describes the rationale and methodology of two interrelated pragmatic trials testing vari-
ations of theory-informed components of an audit and feedback intervention to determine how to optimize A&F 
interventions for antibiotic prescribing in primary care.

Trial registration: NCT04594200, NCT05044052. CIHR Grant ID: 398514

Keywords: Audit and feedback, Antibiotic prescribing, Antimicrobial resistance, Process evaluation, Protocol
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terms of its ability to fairly account for their practice size 
and population.

To address these concerns in future A&F interven-
tions in Ontario, it would be necessary to link antibiotic 
prescribing data to other datasets. Therefore, we were 
required to use data held at ICES, which is a custodian 
to a data repository with patient- and physician-level, 
coded and linkable health data sets in Ontario, Canada. It 
encompasses publicly funded administrative health ser-
vices records for the Ontario population eligible for uni-
versal health coverage (≈ 98.5%). ICES can therefore link 
prescriber characteristics, including patient volume, and 
patient characteristics, including comorbidities, to pre-
scription data. However, prescribing data are complete 
only for patients 65 years of age and older. While prior 
work has shown that prescribing for those aged 65+ cor-
relates highly with prescribing for all ages in primary care 
(see Additional File 2, Table S1, Figure S1-2), it is unclear 
if the credibility gained by accounting for case-mix will 
be lost by focusing only on prescribing for elders.

Herein we describe a protocol for two interrelated tri-
als with embedded process evaluations. This large-scale 
evaluation provides an opportunity to evaluate not only 
whether A&F is helpful in the COVID-19 pandemic con-
text, but also, how best to design A&F, and to explore why 
we observed (or not) changes in antibiotic prescribing.

Research questions
Effectiveness questions

OH Trial What is the effect of antibiotic A&F coupled 
(or not) with a “viral prescription pad” on physician anti-
biotic prescribing after 6 months?

PHO Trial Do patients of family physicians receiving 
antibiotic A&F receive and fill fewer antibiotic prescrip-
tions compared to patients of family physicians who do 
not receive A&F at 6 months after intervention roll out?

(2a) What is the effect of peer comparators adjusted 
for case-mix on physician antibiotic prescribing after 6 
months?

(2b) What is the effect of antibiotic-associated harms on 
physician antibiotic prescribing after 6 months?

Mechanism questions Did the interventions work better 
for some physicians or patients than others?

What are the effects of the intervention components on 
the theory-based constructs hypothesized to explain 
behaviour change resulting from the intervention?

Why might the intervention have or have not worked in 
reducing unnecessary antibiotic prescriptions?

Methods
General study settings
Ontario, Canada’s most populous province, has a publicly 
funded healthcare system as mandated by the Canada 
Health Act, with universal coverage for all medically nec-
essary procedures and visits provided by physicians [16]. 
The study population includes all primary care (family 
medicine and general practice) physicians in Ontario in 
active practice. A description of the PICOT of both trials 
can be found in Table 1.

Trial design
We will conduct two interrelated, pragmatic trials [17] 
(Additional File 3 and Table S3) to test different ways to 
optimize the effects of A&F to reduce antibiotic overpre-
scribing (Fig. 1).

OH Trial
Physicians receiving the antibiotic prescribing feedback 
within the MyPractice: Primary Care feedback report 

Table 1 PICOT Table of the Ontario Health Trial and the Public Health Ontario Trial

OH Trial PHO Trial

Population Primary care physicians fully registered to receive the  MyPractice: 
Primary Care report

Primary care physicians who have not enrolled to receive the  
MyPractice: Primary Care report

Intervention A mailed viral prescription pad and emphasis of the viral prescrip-
tion pad embedded within a multi-topic audit and feedback 
report

Antibiotic peer comparison audit and feedback report with adjusted 
comparators and/or harms focused messaging in a 2 × 2 factorial 
experiment

Comparison My practice report without a mailed viral prescription pad (rand-
omized 1:1)

No adjusted comparators and/or no harms messaging in a 2 × 2 
factorial experiment, or no letter (randomized 4:1 letter:control)

Outcome Antibiotic prescribing rate (APR) defined as the total number of 
antibiotic prescriptions per 1000 patient visits 65 years of age or 
older

Antibiotic prescribing rate (APR) defined as the total number of anti-
biotic prescriptions per 1000 patient visits 65 years of age or older

Time 6 months 6 months
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will be randomized (1:1) to control group or intervention 
(physician will receive a viral prescription pad in the mail 
plus emphasis of the pad in the report).

PHO Trial
Eligible physicians will be randomized 4:1 to interven-
tion (an exploratory 2 × 2 factorial experiment for testing 
and refining interventions [18]) or control. The interven-
tion group will be further randomized by two factors: 
case-mix adjusted versus unadjusted comparator and 
emphasis or not on harms of antibiotics. Such designs are 
especially useful options in health behaviour research to 
efficiently compare multiple intervention design options, 
particularly when there is no expectation that the fac-
tors being tested will interact meaningfully. We chose to 
include a control arm in the PHO Trial as there is uncer-
tainty about the effects of antibiotic prescribing feedback 
in the post-covid context, in which prescribing behav-
iour has fluctuated [10, 11] and patterns of care (i.e. the 
increase in virtual care) have meaningfully changed.

Population and recruitment
OH Trial
Family physicians who are fully registered (i.e. whose 
accounts are activated) to receive the MyPractice: 

Primary Care reports by September 2021 and have suf-
ficient data to populate the report are eligible.

PHO Trial
Family physicians who did not sign up by September 2021 
to receive the MyPractice: Primary Care report are eligi-
ble. Physicians who have previously opted out of antibi-
otic prescribing letters from PHO will also be excluded 
(N ≈ 15). The list of eligible participants will be identi-
fied using linked health administrative data at ICES. All 
participants will receive a notification in the mail 3 weeks 
prior to randomization, offering them the opportunity to 
opt out of the trial.

For both trials, we will exclude family physicians with 
< 100 unique patient visits in the most recent year or in 
two of the three prior years and/or < 10 antibiotic pre-
scriptions to patients 65+ in the most recent year or two 
of the three prior years. Such physicians would not have 
sufficient data to provide meaningful feedback.

Intervention
OH Trial
For the OH Trial, physicians who are registered to receive 
the MyPractice: Primary Care report will receive anti-
biotic prescribing metrics and quality indicators on 

Fig. 1 Study design of two linked trials
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diabetes, cancer screening, and opioid prescribing. The 
MyPractice: Primary Care report uses a simple compara-
tor, does not emphasize harms, and is sent twice a year. A 
sample of the MyPractice: Primary Care report is avail-
able at https:// www. hqont ario. ca/ Deskt opMod ules/ Servi 
ces/ API/ Physi cianR eports/ GetSa mpleR eport/ My% 20Pra 
ctice% 20Pri mary% 20Care% 20Phy sician% 20Sam ple% 
20Rep ort. pdf. There will also be a link to an electronic 
version of the Choosing Wisely Canada Viral Prescrip-
tion Pad (see Fig. 2 below).

Intervention group Mailed Viral Prescription Pad and 
Emphasis on its Use in the MyPractice report

The usual approach to providing prescribing feedback 
is to provide quality improvement resources with edu-
cational information. The reports of the intervention 
group will include content to emphasize and encour-
age use of the viral prescription pad. We will empha-
size the viral prescription pad by (1) encouraging it in 
the dissemination email of the report (see Fig. 3), and 
(2) mailing a paper version of the viral prescription 
pad (see Additional File 4). We hypothesize that add-
ing a paper version of this resource and emphasis in 
the dissemination email will increase self-efficacy in 
conversations regarding antibiotics and change antibi-
otic prescribing behaviour.

Fig. 2 Viral prescription pad

https://www.hqontario.ca/DesktopModules/Services/API/PhysicianReports/GetSampleReport/My%20Practice%20Primary%20Care%20Physician%20Sample%20Report.pdf
https://www.hqontario.ca/DesktopModules/Services/API/PhysicianReports/GetSampleReport/My%20Practice%20Primary%20Care%20Physician%20Sample%20Report.pdf
https://www.hqontario.ca/DesktopModules/Services/API/PhysicianReports/GetSampleReport/My%20Practice%20Primary%20Care%20Physician%20Sample%20Report.pdf
https://www.hqontario.ca/DesktopModules/Services/API/PhysicianReports/GetSampleReport/My%20Practice%20Primary%20Care%20Physician%20Sample%20Report.pdf
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PHO Trial
All intervention recipients except the control group will 
receive two antibiotic prescribing A&F reports, one in 
January 2022 and the same report in February 2022, in 
an attempt to increase salience. The reports will include 
personalized data regarding total antibiotic dispens-
ing per 1000 patient visits in patients ≥ 65 years of age 
and proportion of antibiotic prescriptions dispensed for 
a duration of > 7 days. Physicians prescribing above the 
25th percentile will receive their audit and feedback data 
with this statement: “XX% of your peers with patient and 
practice characteristics very similar to yours prescribed 
fewer antibiotics than you did” and a graph with pre-
scribing rates and their comparators (25th and 50th per-
centiles, Fig.  2). The average primary care physician in 
Ontario can safely reduce antibiotic use by 25%. There-
fore, we used the 25th percentile as an achievable target 
[19].

The feedback report will be mailed to each physician’s 
primary practice address. The report will include the 
prescribing quality indicators, as well as accompanying 
content informed by a user-centred design process (see 
Additional File 5). The report will include educational 
materials from Choosing Wisely Canada, including a 
viral prescription pad (further described below) and link 
to the “Cold Standard” Guidance (https:// choos ingwi 
selyc anada. org/ downl oad/ 5832/).

Factor 1 Case-mix adjusted comparator vs unadjusted 
comparator

We included a case-mix adjusted comparator because in 
our previous study [15] physicians questioned whether 
it was fair to compare them to others with a different 
case-mix and context. Recipients’ prescribing rates and 
their comparators (25th and 50th percentiles) will be 
adjusted using hierarchical regression modelling incor-
porating patient volume, patient age, sex, socioeconomic 
status, and patient comorbidities. We will also adjust for 

emergency room visits. We hypothesize that compar-
ing to like-peers will change outcome expectancies and 
intention and thus change antibiotic prescribing behav-
iour (Fig. 4).

Factor 2 Emphasis on risk of harms of antibiotic vs no 
benefit only

The usual approach to feedback on antibiotic prescribing 
tends to focus on lack of benefit. Factor 2 will include an 
emphasis on potential harms caused by unnecessary use 
of antibiotics. We will provide an infographic to highlight 
the frequency of antibiotic side effects and also empha-
size the principle of “do no harm” (see Fig. 5). We hypoth-
esize that adding an emphasis on harms will change risk 
perception and intention and thus change antibiotic pre-
scribing behaviour.

Allocation
PHO Trial
Physicians will be given the opportunity to opt out 
of the trial. An epidemiologist, not involved in the 
study, will generate the allocation sequence. Rand-
omization will be conducted at level of the physician, 
stratified by involvement in our prior PHO letter trial 
[15]. Like a recent factorial trial testing A&F with 
a control arm [20], we will allocate physicians 4:1 to 
intervention or control. Then, we will randomize phy-
sicians within the intervention arm to each of the 2 
trial factors described above. The randomized lists 
will then be sent to another independent individual 
at PHO responsible for intervention implementation. 
Although physicians commonly work in groups, it 
is not common practice in Ontario for physicians to 
share or discuss clinical performance data [21] and we 
therefore judge the risk of contamination in this trial 
to be low.

Fig. 3 Emphasis on viral prescription pad inserted in MyPractice: Primary Care report dissemination email

https://choosingwiselycanada.org/download/5832/
https://choosingwiselycanada.org/download/5832/


Page 7 of 17Shuldiner et al. Implementation Science           (2022) 17:17  

OH Trial
We cluster-randomized in this trial since the viral pre-
scription pad may be incorporated into the electronic 
medical record that is typically shared in an office or prac-
tice group. An analyst not involved in the study will strat-
ify by (i) number of physicians consenting to receive their 
MyPractice: Primary Care report (median); (ii) number of 
patients per consenting physician (volume); (iii) whether 
the physician belongs to a family health team. This rand-
omization sequence (1:1) will be sent to a member of the 
OH team who will assign the arms of as either interven-
tion or control, so that the trial analyst will be blinded.

Outcomes
For both trials, the primary outcome is the antibiotic 
prescribing rate (APR) defined as the total number 

of antibiotic prescriptions per 1000 patient visits 
in those aged 65 or greater from January 1, 2021, to 
June 30, 2022. Secondary outcomes will be measured 
cumulatively from January 1 to December 31 2022, 
at 6 and 12 months, for patients aged 65 or greater, 
and are as follows: number of antibiotic prescriptions 
> 7days per 100 total antibiotic prescriptions; number 
of broad-spectrum antibiotics per 100 total antibiotic 
prescriptions as defined by Steinman et al. [22]; anti-
biotic days of therapy (DOT) per 1000 patient visits; 
antibiotic drug costs; and number of antibiotic pre-
scriptions per 100 65+ patient visits for presumed 
viral condition (and thus likely unnecessary), using 
definitions from Schwartz [1] and Silverman [23] (see 
Additional File 6 and Table  S4-6). All secondary out-
comes with be measured at 6 and 12 months and APR 

Fig. 4 Case-mix adjusted comparator and unadjusted comparator

Fig. 5 Infographic to be included in the emphases on risk harms of antibiotic group
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only at 12 months. The process evaluation will be dis-
cussed below.

Data collection and transfer
For both trials, the data to measure prescribing quality 
indicators in the feedback report and the outcomes will 
be derived from the ICES data repository. The province 
provides publicly funded coverage, with no co-payment, 
for most medications including commonly used anti-
biotics through the Ontario Drug Benefit (ODB) plan. 
The ODB database covers selected populations, includ-
ing persons aged 65 years or older and has > 99% accu-
racy [24–26]. Additional ICES databases will be linked 
and utilized for diagnostic codes, patient demographics, 
patient comorbidities, and physician characteristics. An 
ICES analyst will create physician-specific data reports to 
export to an Excel file with re-identified physician infor-
mation including name and mailing address.

PHO Trial
OH will provide ICES with a list of physicians who have 
opted-in to the MyPractice: Primary Care report. ICES 
will then generate a physician list for the trial to PHO 
(excluding those with receive a MyPractice: Primary 
Care report) who will link this list to physician mailing 
addresses provided by the College of Physicians and Sur-
geons of Ontario. PHO will send opt-out letters to these 
physicians. After removing all physicians who opt out, 
PHO will apply the randomization sequence and then 
generate and send feedback letters.

OH Trial
A randomization sequence will be sent to OH. After it is 
applied, OH will apply the sequence and then send out 
two different emails to physicians—one emphasizing the 
viral prescription pad and one that does not. The viral 
prescription pad will be mailed to intervention partici-
pants with a cover letter describing how, when, and why 
it should be used.

Analysis
Our primary analysis was conducted using an intent-
to-treat approach [27] and therefore included all rand-
omized physicians. Analysts will be unaware of which 
group the physician belonged to. We will exclude outliers 
at the 99th percentile at baseline from each arm to elimi-
nate the implausibly high numbers of antibiotic prescrip-
tions attributed to a small number of physicians [4].

OH Trial
The primary analysis will follow the intention to treat 
principle and use Poisson regression (Table 2). The unit 
of analysis will be the physician. The model will compare 

the intervention group (MyPractice: Primary Care report 
plus the mailed viral prescription pad/emphasis) against 
control (MyPractice: Primary Care report only).

PHO Trial
The primary analysis will use Poisson regression and 
will follow the intention to treat principle. The unit of 
analysis will be the physician (Table  2). The model will 
be estimated using quasi-likelihood estimation with a 
scale parameter to account for clustering by physician. 
The first, more pragmatic analytic model will compare all 
intervention conditions grouped together against usual 
care. A second, exploratory model will focus only on 
intervention conditions and will include terms indicat-
ing the presence (+) or absence (−) of each of the factors 
(intervention components) using effects coding [28]. The 
effect of each intervention component will be expressed 
as relative risk (RR) with 95% confidence intervals. Pair-
wise comparisons between physicians will be obtained 
from the model. To examine long-term effects of the 
intervention, we will repeat the analyses at 12 months 
post-randomization.

Subgroup analysis
In both trials, we will explore differences in effects by 
physician characteristics (sex, years in practice, patient 
practice volume, continuity of care score, proportion 
of emergency room practice, proportion nursing home 
practice, practice complexity score (SAMI), proportion 
of practice > 85 years, rurality of practice address, neigh-
bourhood income quintile of practice address and base-
line prescribing rates). We will also look at the effects of 
intervention on prescriptions that were filled on the same 
day as a virtual visit.

Sample size
PHO Trial
A total sample size of 3,136,000 patient visits over 6 
months, obtained via an expected 6000 physicians meet-
ing eligibility criteria (approximately 1200 usual care and 
4800 intervention; 2400 with any factor present and 2400 
with that factor absent) with an estimated average of 784 
patient visits per cluster, achieves 83% power to detect 
a 7.5% relative reduction in antibiotic prescribing rate 
comparing the intervention to usual care, using a two-
sided test for the difference between two Poisson rates. 
The between-cluster coefficient of variation was assumed 
to be 75%.

OH Trial
A total sample size of 3,136,000 patient visits over 6 
months, obtained via an expected 4000 physicians within 
approximately 1000 offices meeting eligibility criteria 
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(approximately 2000 physicians and 500 offices to each 
arm) with an estimated average of 784 patient visits per 
physician cluster and about 3136 patient visits per office 
cluster, achieves 80% power to detect a 13% relative 
reduction comparing the intervention to usual care. This 
would equate to a difference from 0.093 (93 per 1000 vis-
its) to 0.081 (or 81 per 1000 visits), a relative risk of 0.87, 
using a two-sided test for the difference between two 
Poisson rates. The between-cluster coefficient of varia-
tion was assumed to be 75%.

Process evaluation
The mixed-methods process evaluation may reveal why 
or why not the intervention worked and how individual 
factors can affect physician motivation, willingness, and 
ability to engage in new practices [29]. This theory-based 
process evaluation seeks to assess the perceived impact 
and underlying mechanism(s) of action of the compo-
nents of the antibiotic prescribing A&F intervention. We 
will conduct three sets of data collection: theory-informed 
questionnaire; brief telephone calls to assess fidelity; and 
in-depth, theory-informed telephone interviews.

Methods—process evaluation
Intervention fidelity
The relative effectiveness of intervention design-compo-
nents can only be assessed if the recipients of the feed-
back receive and read the reports. Intervention fidelity 
will be measured according to the fidelity framework 
developed by Bellg and colleagues [30, 31]. We will assess 
if the A&F was delivered, received, and acted on.

PHO Trial
To assess if the intervention was delivered and received, the 
study team will check whether physicians have reviewed 
the antibiotic letter. At 7 months post intervention deliv-
ery, a research team member at PHO will contact a strati-
fied random sample of participants from the PHO Trial 
by phone. Specifically, they will sort physicians by 10-year 
age group, sex, and area code, and randomly sample from 
each stratum until 300 physicians have been called. Each 
physician selected will be called up to 3 times over the 
course of 1 week. Non-respondents to phone calls will 
be tracked. Those physicians who answer the call will be 
asked whether they received the letter from PHO (Y/N), 
if they reviewed the letter (Y/N), and if they can confirm 
what the main message was. A sample of 300 physicians 
was calculated based on a total population of 4000 physi-
cians that will be sent the intervention, a 30% opening rate 
based on our previous trial of sending antibiotic letters and 
Canadian data on letter opening rates [32], and a margin of 
error of 5%.

OH Trial
OH will track email read-receipts/open-rates for those 
receiving their MyPractice: Primary Care report.

PHO and OH Trials
Via surveys and in-depth interviews described below, we 
will measure if the intervention was enacted by asking 
physicians if they have used various components of the 
letter (e.g. viral prescription pad, communication tips, 
recommendations for shorter durations).

Questionnaire to examine mechanism of action
The aim of the quantitative component of the process 
evaluation is to explore the effects of the interventions 
on the theory-based constructs hypothesized to explain 
behaviour change resulting from the intervention. We 
will use questionnaires and the AACTT framework 
(Action, Actor, Context, Target, Time) to specify the tar-
geted behaviour [33]:

Action: prescribing antibiotics
Actor: primary care physician
Context: community-based clinic
Target: patients presenting to a community physician 

with infection-like symptoms
Time: any patient-clinician interaction for a condition 

where an antibiotic is considered

Theoretical model: Health Action Process Approach
The process evaluation design was informed by the 
Health Action Process Approach (HAPA; Fig. 6) [34, 35]. 
HAPA is a behaviour change theory used to describe, 
explain, and predict behaviour and is useful to inform 
which strategies to include in interventions. HAPA pos-
tulates that a two-phase process influences behaviour, 
with each phase requiring different intervention strat-
egies: a motivation phase where an individual forms an 
intention to engage in the behaviour and a volition phase 
involving translating that intention into actual behav-
iour. The motivation phase is influenced by (i) partici-
pants’ perceptions of the risk of adverse events related to 
engaging in the behaviour (risk perception); (ii) what they 
expect the outcomes of enacting the behaviour might be 
(outcome expectancies); and (iii) the belief in their capa-
bility to perform the desired action (self-efficacy). We 
also included a “social norms” construct (i.e. perceptions 
about what colleagues expect) as behaviour change the-
ories suggest that feedback may work via this construct 
[36]. The volitional phase is broken down into the indi-
vidual’s development of plans specifying when, where, 
and how they will enact the behaviour (action planning); 
plans for how they will overcome specific anticipated 
barriers they may face (coping planning); and the pro-
cesses by which an individual self-monitors, is aware of 



Page 11 of 17Shuldiner et al. Implementation Science           (2022) 17:17  

the standards against which they are being compared, 
and whether they have made effort to address the dis-
crepancy between what they are doing and the (action 
control). We will evaluate the hypothesized direct and 
indirect effects of the antibiotic letter on the HAPA con-
structs. We will map the factors (see Fig. 6) tested in the 
letter to the HAPA theory to assess how the intervention 
impacted intention in the motivation phase (via action 
self-efficacy, outcome expectancies, risk perception, 
descriptive norms, intention), and physician prescribing 
behaviours in the volitional phase (via action planning, 
coping planning, action control).

Recruitment
OH Trial
Physicians (intervention and control) will receive an invi-
tation to complete the process evaluation survey 1 month 
after receiving their MyPractice: Primary Care report. 
Since the delivery of MyPractice: Primary Care reports is 
via email, we will offer only the online survey platform. 
Physicians will be instructed that completion of the sur-
vey implies consent. Up to three email reminders to com-
plete the survey will be sent.

PHO Trial
One month after receiving the first intervention let-
ter, intervention participants (N ≈ 3200) will receive 
a second copy of their intervention letter, as well as 
an invitation to complete a survey. Physicians will be 
informed that completion of the survey implies con-
sent. The completed survey can be returned via mail 
with a stamped return envelope, faxed, or through an 
online survey link. For both trials, the online survey 

will be administered using Qualtrics©, a secure online 
survey platform (https:// www. qualt rics. com/). We will 
provide $20 (CDN) in the form of an electronic gift 
card, in recognition of the time required to complete 
the survey. The survey links will be disabled after the 
required number of survey responses is collected to 
preserve budget (see “Sample size” below). Participants 
who return paper copies of the survey will be reim-
bursed regardless.

Data collection
The questionnaire will include demographic ques-
tions plus validated survey questions (with adaptations 
when necessary) to address relevant constructs (e.g. 
risk perception, outcome expectancy) related to inten-
tion and behaviour (e.g. action planning, coping plan-
ning) as defined by the HAPA [34]. The questionnaire 
will also include questions on acceptability as defined 
by the Theoretical Framework of Acceptability [37]. The 
framework defines acceptability as a multi-faceted con-
struct that reflects the extent to which people delivering 
or receiving a healthcare intervention consider it to be 
appropriate, based on anticipated or experienced cogni-
tive and emotional responses to the intervention. The 
questionnaire will assess the theoretical framework of 
acceptability (TFA) seven component constructs: affec-
tive attitude, burden, perceived effectiveness, ethicality, 
intervention coherence, opportunity costs, and self-effi-
cacy [30]. Finally, the questionnaire will include ques-
tions on self-report of antibiotic prescribing relating to 
examples in the letter: (1) sinusitis, (2) pharyngitis, (3) 
bronchitis.

Fig. 6 Proposed mechanisms of action, informed by the health action process approach [34, 35]

https://www.qualtrics.com/
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Analysis of data from questionnaire
Sample size
The survey will be distributed to all physicians rand-
omized to receive A&F in the PHO Trial (estimated N 
= 3200) and all physicians receiving the MyPractice: 
Primary Care reports in the OH Trial (estimated N = 
4000). We anticipate a 20% response rate, based on previ-
ous mail surveys of physicians in Canada [32]. A sample 
size of 400 surveys from each trial (800 total) is deemed 
sufficient based on previous studies using this method-
ology [38]. A sample size of 400 survey respondents per 
trial achieves > 80% power to detect a small standardized 
regression coefficient of < 0.1 in a linear regression analy-
sis at a 2-sided 5% significance level.

Data analysis
Internal consistency will be assessed of theoretical con-
structs using Omega Squared [39]. If internal consistency 
is < 0.7, we will explore whether we will omit individual 
items. We will then calculate the mean of the items meas-
uring each construct to create a summary score ranging 
from one to five. We will calculate means and standard 
deviations (SD) of all measured constructs, computed 
separately for the six experimental factors.

We will use multiple mediation regression models to 
explore whether the antibiotic letter worked through 

hypothesized pathways using the Hayes PROCESS medi-
ation macro [40, 41]. Our aim is to assess the effects of 
three components of the A&F intervention, correspond-
ing to research question 2: (i) adjusted comparator, (ii) 
emphasis on antibiotic harms, and (iii) viral prescription 
pad (all recipients of A&F in the PHO Trial receive a link 
to the viral prescription pad as part of the intervention). 
We will build two models: Model A: indirect effects of 
the letter component on intention via motivational con-
structs and Model B: indirect effects of the letter on anti-
biotic prescribing behaviour via planning and control 
constructs.

The theoretical models outlining the relationships 
between hypothesized predictor constructs, and the 
behaviour are summarized in Fig. 7. Such a model allows 
the direct and/or indirect effects of an independent vari-
able X on a dependent variable Y through one or more 
mediators (M) to be estimated. The model will allow us 
to estimate the mechanism pathway through which inter-
vention components (X) exert their effect on intention 
and prescribing behaviour (Y) is dependent on the value 
of the mediators (HAPA constructs). Each model will 
be tested using the appropriate subsample of trial par-
ticipants. For the PHO Trial, we will assess the effects of 
intervention components (i.e. adjusted comparator, and 
harms information). In the OH Trial, we will assess the 

Fig. 7 Multiple mediation regression models examining the effect of viral prescription pad, prescribing comparator, and harms information [34]
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effects of the mailed viral prescription pad/emphasis on 
the prescription pad. The macro allows multiple media-
tor variables to operate in parallel and for the conduct 
of Poisson Regression to assess the impact on continu-
ous outcomes (intention and prescription behaviour). 
Separate analyses will be conducted for each of the three 
intervention components.

Qualitative component of the process evaluation
A qualitative approach was used to gain a nuanced 
understanding of how and why the intervention worked 
(or did not work) as intended [42]. We will use the Clini-
cal Performance Feedback Intervention Theory (CP-FIT) 
to guide the development of the interview guide and 
the analysis [43]. The theory is based on a synthesis of 
qualitative research on feedback interventions. CP-FIT 
states that effective feedback works in a cycle of sequen-
tial processes. We will purposefully explore this pro-
cess: goal setting, data collection and analysis, feedback, 
recipient Interaction, perception, and acceptance of the 
feedback, followed by intention, behaviour, and clinical 
performance improvement. We will also aim to under-
stand which process of the CP-FIT the recipient is at, and 
what enabled them or prevented them from progressing 
through the different stages.

Data collection
We will aim to recruit 4–8 physicians from each of the 
following groups: (i) PHO Trial, adjusted comparator, 
(ii) PHO Trial, unadjusted comparator, (iii) PHO Trial, 
harms emphasis, (iv) PHO Trial, no harms emphasis, 
and (v) OH Trial, mailed viral prescription pad/empha-
sis. Participants will be purposively sampled to allow for 
variation in age, gender, experience, and clinical context. 
Participants will be screened to confirm they have read 
the letter.

Recruitment strategies
At the end of the process evaluation survey, physicians 
will be invited to participate in the qualitative interview.

If required, we will randomly select physicians based 
on our purposive sampling strategy. These physicians will 
be sent a letter inviting them to participate.

If required, snowball sampling will be used by asking 
physicians if they know of others who received the letter 
and would be willing to speak about it.

If required, we will use social media (Twitter, LinkedIn, 
etc.) to invite participants.

The study team will reach out to physicians interested 
in participating in an interview. They will be provided 
with an information letter and consent form. Physicians 
who complete the interview will be provided an honorar-
ium of $100 in the form of an electronic gift card.

Interview guide
Our study objectives and interview questions are guided 
by the Brehaut et  al. [44] suggestions for optimizing 
A&F effectiveness, and the Clinical Performance Feed-
back Intervention Theory (CP-FIT) [43]. We will explore 
which stage of the CP-FIT the physician is at (e.g. per-
ception, acceptance, intension, and behaviour) and what 
enabled them to get to that point and prevent them from 
moving to the next process.

The interview guide will also aim to explore HAPA 
constructs [34, 35]: risk perception, outcome expectancies, 
self-efficacy, action planning, coping planning and action 
control. We will explore the underlying mechanisms 
through which the intervention may or may not have 
influenced antibiotic prescribing intention, action plan-
ning, and antibiotic prescribing behaviours, particularly 
related to initiation and duration of a prescription. The 
semi-structured guide also includes questions assessing 
intervention fidelity according to the fidelity framework 
developed by Bellg and colleagues [30, 31].

Interviews will last approximately 45 min, conducted 
by Zoom and recorded for transcription, coding, and 
analysis. Brief demographic questions will be asked at 
the beginning of the interview, including type of letter 
received, physician gender, years in practice, type of prac-
tice, location of practice, and average number of patients 
seen a day.

Analysis
Data analysis will occur iteratively using NVIVO 12. The-
matic analysis will consist of six stages, informed by the 
approach of Braun and Clarke [45]: (1) familiarization of 
the interview in its entirety; (2) the production of initial 
deductive and inductive codes from the data will be per-
formed by multiple coders and we will explore (CP-FIT) 
variables and explanatory mechanisms while allowing for 
new codes on emerging issues; (3) we will review gener-
ated codes among coders to ensure general consensus 
across coders; (4) searching for themes, we will begin to 
explore the relationship between codes, between themes 
and how they relate to the intervention content; (5) revis-
ing and summarizing themes using thematic mapping 
to explore relationships between themes, will involve 
discussions with multiple team members representing 
multiple disciplines; and (6) writing the report. Sample 
size for interviewing will be informed by saturation from 
participants from each of the study arms [46]. Qualita-
tive data will be analysed iteratively so that themes that 
emerge in early interviews can be explored in later ones.

Data synthesis and triangulation
Quantitative and qualitative data will be compared and 
contrasted to explore consistencies and contradictions 
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across the dataset using the methods described by Hopf 
et  al. [47]. Comparison between HAPA constructs and 
qualitative data will allow us to use the data from inter-
views to explain quantitative findings. We will triangulate 
data that explore key questions regarding the embedded 
process evaluation, including mechanism of action and 
effects of the intervention. For example, regarding mech-
anism of action, we will compare and integrate findings 
from participant interviews and quantitative data regard-
ing self-efficacy, risk perception, outcome expectancies, 
and intentions of changing behaviours in antibiotic pre-
scribing. A synthesis of findings from different sources 
will be used to highlight key mechanisms, implementa-
tion difficulties, and outcomes of the study [48, 49].

Economic evaluation
If the A&F interventions are shown to be effective, we will 
conduct a cost-effectiveness analysis of the intervention 
compared to usual care from a perspective of Ontario 
Health. Total costs will include the cost of the interven-
tion and health system costs. We will track the time and 
costs required to deliver the intervention, including time 
for intervention development and quality assurance/
monitoring. Health system costs will be derived using 
existing cost macros available at ICES [50]. Consistent 
with the trial, effectiveness will be measured as antibi-
otic prescribing rate. Analyses will conform to the most 
recent Canadian guidelines for economic evaluation [51] 
and current guidelines for such analyses alongside rand-
omized control trials [52]. The incremental cost and out-
come will be estimated using generalized linear models 
with appropriate link functions and distributions. We 
will evaluate uncertainty of the cost-effectiveness esti-
mates using non-parametric bootstrapping. Results from 
the bootstrapping exercise will also be used to estimate 
95% confidence intervals and depict cost-effectiveness 
acceptability curves, which show the probability of A&F 
interventions being cost-effective to a range of potential 
threshold values that the health system may be willing to 
pay for an additional unit of effect [53].

Patient and public involvement
We involved members of the public to solicit input about 
the intervention content. Our lead patient partner helped 
to gather input from additional patients and collaborated 
with the design team to iteratively refine the intervention 
materials. This was especially important for the section 
of the intervention letter which provided advice to family 
physicians about what to say to patients who seemed to be 
requesting antibiotics. Since the intervention is directed 
to family physicians, we also sought input on the inter-
vention materials from relevant organizations including 
Choosing Wisely Canada, the Ontario College of Family 

Physicians and Ontario Health, who each have their own 
mechanisms for soliciting patient and public input on 
their strategies and initiatives. We plan a lay summary of 
the results and implications, which will be disseminated 
through partnerships with relevant organizations.

Discussion
Collectively, these two trials involve provision of anti-
biotic A&F to nearly all family physicians in Ontario, 
Canada. The work pursues the dual aim of improving 
quality of care and advancing scientific understanding of 
how to optimize A&F. A key strength of this project is the 
stakeholder partnerships, which enable conduct of this 
work at scale in our implementation science laboratory 
[14]. We acknowledge several limitations as well. First, 
the OH Trial has no control arm without A&F; usual 
care for participants in the OH Trial is to receive A&F 
and OH was unable to implement an antibiotic module 
in their MyPractice: Primary Care report for only a sub-
set. Fortunately, we were able to retain a control arm in 
the PHO Trial. Second, due to data limitations, the feed-
back in both trials includes antibiotic prescribing only for 
those over age 65 and cannot be used to assess clinical 
appropriateness. Our prior work has shown that antibi-
otic prescribing for those over age 65 is a good proxy for 
antibiotic prescribing in ages by these clinicians (Addi-
tional File 2) and we know from previous trials that a 
large proportion of antibiotics prescribed in this age 
group are clinically inappropriate [23]. We anticipate this 
issue will be explored further in the qualitative aspect of 
the process evaluations. Third, the trials will occur while 
the COVID-19 pandemic continues, where there is a high 
level of burnout and antibiotic prescriptions patterns 
and primary care has changed [12]. Again, the qualita-
tive aspect of the process evaluation may shed light on 
this issue. Fourth, prolonged antibiotic duration was 
measured as more than 7 days because most outpatient-
treated infections should be treated with 7 or fewer days 
of antibiotics; however, there are circumstances where a 
longer duration is required. Fifth, in the OH Trial, there 
is some risk of contamination with the virtual prescrip-
tion pad as it is possible some offices that shared EMRs 
were not captured in the cluster randomization. Sixth, 
regarding recruitment for the process evaluation, we rec-
ognize that those who answer the survey and accept an 
invitation for an interview will likely differ from those 
that do not. Regarding the survey, we will compare char-
acteristics between those that respond and those that 
do not, and we will interpret results accordingly. For the 
interviews, we will aim to recruit from a diverse sample. 
Finally, Ontarian administrative data does not capture 
race and ethnicity data and therefore we cannot explore 
the effects that these characteristics might have on our 
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outcomes; however, we will explore these questions in 
the process evaluation. We anticipate that the findings 
from this research program will inform ongoing policy 
and practice for our stakeholders and partners about 
community-based antimicrobial stewardship programs.

Group authorship statement
The following authors are part of the Ontario Healthcare 
Implementation Laboratory study team: Monica Taljaard, 
Jeremy M. Grimshaw, Meagan Lacroix, Mina Tadrous 
Valerie Leung, Kevin Brown, Andrew M. Morris, Gary 
Garber, Justin Presseau, Kednapa Thavorn, Jerome A. 
Leis, Holly O. Witteman, Jamie Brehaut, Nick Dane-
man, Michael Silverman, Michelle Greiver, Tara Gomes, 
Michael R. Kidd, Jillian J. Francis,Merrick Zwarenstein, 
Jonathan Lam, Cara Mulhall, Sharon Gushue, Sukhleen 
Uppal, and Andrew Wong.

Trial status
The two trials will launch in January 2021.

Abbreviations
AACTT : Action Actor Context Target Time; AF: Audit and feedback; APR: 
Antibiotic prescribing rate; AVI: Antibiotics prescribed for viral infections; BCT: 
Behaviour Change Technique; CAD: Coronary artery disease; CAPE: Client 
Agency Program Enrollment; CHF: Congestive health failure; CI: Confidence 
interval; CIHI-DAD: Canadian Institute for Health Information – Discharge 
Abstract Database; CKD: Chronic kidney disease; CWC : Choosing Wisely 
Canada; COPD: Chronic obstructive pulmonary disease; CP-FIT: Clinical Perfor-
mance Feedback Intervention; CPSO: College of Physicians and Surgeons of 
Ontario; DIN: Drug Identification Number; DOT: Days of therapy (antibiotics); 
EMR: Electronic Medical Record; HAPA: Health Action Process Approach; ICD: 
International Classification of Diseases; ICES: Institute for Clinical Evaluative 
Sciences; IPDB: ICES Physician Database; MOST: Multiphase Optimization 
STrategy; OCR: Ontario Cancer Registry; ODB: Ontario Drug Benefit; ODD: 
Ontario Diabetes Dataset; OH: Ontario Health; OHIP: Ontario Health Insurance 
Program; OMID: Ontario Myocardial Infarction Dataset; PHO: Public Health 
Ontario; REB: Research Ethics Board; RPDB: Registered Persons Database; RR: 
Relative risk; SAMI: Standardized ACG Morbidity Index; SAS: Statistical Analysis 
System; SD: Standard deviation; TFA: Theoretical framework of acceptability; 
TCPS2: Tri-Council Policy Statement; WCH: Women’s College Hospital.

Supplementary Information
The online version contains supplementary material available at https:// doi. 
org/ 10. 1186/ s13012- 022- 01194-8.

Additional file 1: CONSORT 2010 checklist of information to include 
when reporting a randomized trial

Additional file 2: Correlation of antibiotic prescribing between 65+ with 
for all ages in primary care

Additional file 3: The Pragmatic-explanatory continuum indicator sum-
mary 2 provider strategies (PRECIS-2-PS) wheel.

Additional file 4: Cover Letter to Accompany Mailed Viral Prescription Pad

Additional file 5: Example Physician Letter for Public Health Ontario Trial

Additional file 6: Definition of unnecessary antibiotic prescription

Acknowledgements
NMI is supported by a Canada Research Chair in Implementation of Evidence-
based Practice and a clinician scholar award from the Department of Family 
and Community Medicine at the University of Toronto. JS is supported by a 
Canadian Institute of Health Research Health System Impact post-doctoral 
Fellowship.
The Ontario Healthcare Implementation Laboratory study team:
Monica Taljaard, PhD - mtalj aard@ ohri. ca; School of Epidemiology and 
Public Health – University of Ottawa, Clinical Epidemiology- Ottawa Hospital 
Research Institute: 501 Smyth Road, Ottawa ON Canada, K1H 8L6
Jeremy M. Grimshaw, MBChB, PhD - jgrim shaw@ ohri. ca; University of Ottawa, 
Ottawa Hospital Research Institute: 501 Smyth Road, Room 1286, Ottawa ON 
Canada, K1H 8L6
Meagan Lacroix, BA, BEd – Meagan. Lacro ix@ wchos pital. ca; Women’s College 
Hospital: 76 Grenville St, Toronto ON Canada M5S 1B2
Mina Tadrous, PharmD, PhD - mina. tadro us@ wchos pital. ca; Leslie Dan faculty 
of Pharmacy - University of Toronto, Women’s College Hospital: 76 Grenville St, 
Toronto ON Canada M5S 1B2
Valerie Leung, BScPhm, MBA - Valer ie. leung@ oahpp. ca; Public Health Ontario: 
480 University Ave, Toronto ON Canada, M5G 1V2
Kevin Brown, PhD - kevin. brown@ utoro nto. ca; Public Health Ontario: 480 
University Ave, Toronto ON Canada, M5G 1V2
Andrew M. Morris, MD, SM - andrew. morris@ sinai health. ca; Mount Sinai Hospi-
tal: 435-600 University Ave., Toronto ON Canada, M5G 1X5
Gary Garber, MD, FRCPC - ggarb er@ cmpa. org; Department of Medicine 
and Department of Epidemiology and Public Health - University of Ottawa, 
Department of Medicine - University of Toronto, Ottawa Hospital Research 
Institute: 501 Smyth Road, Ottawa ON Canada, K1H 8L6
Justin Presseau, PhD - jpres seau@ ohri. ca; Clinical Epidemiology - Ottawa Hos-
pital Research Institute: 501 Smyth Road, Ottawa ON Canada, K1H 8L6
Kednapa Thavorn, MPharm, PhD – kthav orn@ ohri. ca; Clinical Epidemiology - 
Ottawa Hospital Research Institute: 501 Smyth Road, Ottawa ON Canada, K1H 8L6
Jerome A. Leis, MD, MSc, FRCPC - jerome. leis@ sunny brook. ca; University of 
Toronto , Sunnybrook Health Sciences Centre : 2075 Bayview Avenue, Toronto 
ON Canada, M4N 3M5
Holly O. Witteman, PhD – holly. witte man@ fmed. ulaval. ca; Université Laval: 
1050 Avenue de la Médecine, Québec QC Canada, G1V 0A6
Jamie Brehaut, PhD - jbreh aut@ ohri. ca; Ottawa Hospital Research Institute: 501 
Smyth Road, Ottawa ON Canada, K1H 8L6
Nick Daneman, MD, MSc - nick. danem an@ sunny brook. ca; Public Health 
Ontario, University of Toronto, Sunnybrook Health Sciences: 2075 Bayview 
Avenue, Toronto ON Canada, M4N 3M5
Michael Silverman, MD, FRCP - Micha el. silve rman@ sjhc. london. on. ca; Western 
University: 268 Grosvenor St B3-414, London ON Canada, N6A 4V2
Michelle Greiver, MSc, MD –miche lle. greiv er@ nygh. on. ca; North York General 
Hospital: 4001 Leslie Street, LE140, North York Ontario Canada, M2K 1E1
Tara Gomes, PhD – Tara. Gomes@ unity health. to, Leslie Dan faculty of Pharmacy 
- University of Toronto, Li Ka Shing Knowledge Institute - St. Michael’s Hospital, 
36 Queen Street East, Toronto ON Canada, M5B 1W8
Michael R. Kidd, MBBS, MD, FAHMS - micha el. kidd@ anu. edu. au; College of Health 
and Medicine - Australian National University, Canberra ACT 2600, Australia
Jillian J. Francis, PhD – jilli an. franc is@ unime lb. edu. au; School of Health Sci-
ences - University of Melbourne, Clinical Epidemiology - Ottawa Hospital 
Research Institute: 501 Smyth Road, Ottawa ON Canada, K1H 8L6
Merrick Zwarenstein, MBBCh, MSc, PhD - mzwar ens@ uwo. ca; Schulich School 
of Medicine & Dentistry, Western Centre for Public Health and Family Medicine 
- Western University: 1151 Richmond Street, London ON Canada, N6A 3K7
Jonathan Lam, MSC—jonat han. lam@ ontar iohea lth. ca; 130 Bloor Street West, 
10th floor, Toronto, ON Canada M5S 1N5
Cara Mulhall, PhD, MSc – cara. mulha ll@ ontar iohea lth. ca; 130 Bloor Street West, 
10th floor, Toronto, ON Canada M5S 1N5
Sharon Gushue, MSc—sharon. gushue@ ontar iohea lth. ca; 130 Bloor Street 
West, 10th floor, Toronto, ON Canada M5S 1N5
Sukhleen Uppal, MSc – sukhl een. deol@ ontar iohea lth. ca; 505 University 
Avenue, 18th floor, Toronto, ON Canada M5G 2P1
Andrew Wong, MD – andrew. wong@ ontar iohea lth. ca; 60 Bloor Street West, 
5th floor, Toronto, ON Canada M4W1J2

Authors’ contributions
NMI, KLS and JS collaboratively wrote the first draft. ML, JMG, ML, BL, MT, VL, 
KB, AMM, GG, JP, KT, JL, HOW, JB, ND, MS, MG, TG, MK, JJF, MZ, JL, CM, SG, SU, 

https://doi.org/10.1186/s13012-022-01194-8
https://doi.org/10.1186/s13012-022-01194-8
mtaljaard@ohri.ca
jgrimshaw@ohri.ca
Meagan.Lacroix@wchospital.ca
mina.tadrous@wchospital.ca
Valerie.leung@oahpp.ca
kevin.brown@utoronto.ca
andrew.morris@sinaihealth.ca
ggarber@cmpa.org
jpresseau@ohri.ca
kthavorn@ohri.ca
jerome.leis@sunnybrook.ca
holly.witteman@fmed.ulaval.ca
jbrehaut@ohri.ca
nick.daneman@sunnybrook.ca
Michael.silverman@sjhc.london.on.ca
–michelle.greiver@nygh.on.ca
Tara.Gomes@unityhealth.to
michael.kidd@anu.edu.au
jillian.francis@unimelb.edu.au
mzwarens@uwo.ca
jonathan.lam@ontariohealth.ca
cara.mulhall@ontariohealth.ca
sharon.gushue@ontariohealth.ca
sukhleen.deol@ontariohealth.ca
andrew.wong@ontariohealth.ca


Page 16 of 17Shuldiner et al. Implementation Science           (2022) 17:17 

and AW reviewed and provided critical input. All authors approved the final 
version for submission.

Funding
These trials are funded by an innovative clinical trials grant held at Women’s 
College Hospital from the Canadian Institutes of Health Research through the 
Strategy for Patient Oriented Research program. (CIHR Grant ID: 398514).

Availability of data and materials
Data sharing is not applicable to this article as no datasets have been gener-
ated yet.

Declarations

Ethics approval and consent to participate
This study has received ethics approval from the Women’s College Research 
Institute (REB# 2020-0024-E) and the PHO Ethics Review Board (REB# 2020-
026.03). If you would like to speak to someone regarding the ethical approval 
of this project, please contact Melissa Sidhu, Women’s College Hospital 
Research Ethics Coordinator (416-351-3732 x2723).

Consent for publication
All authors have read and approved the final manuscript.

Competing interests
JP is an associate editor of implementation science. JG and NMI are members 
of the editorial board of implementation science.

Author details
1 Women’s College Hospital, 76 Grenville St, Toronto, ON M5S 1B2, Canada. 
2 Dalla Lana School of Public Health – University of Toronto, ICES, Unity Health 
Toronto, Public Health Ontario, 480 University Ave, Toronto, ON M5G 1V2, 
Canada. 3 Public Health Ontario, 480 University Ave, Toronto, ON M5G 1V2, 
Canada. 4 University of Toronto, Women’s College Hospital, 76 Grenville St, 
Toronto, ON M5S 1B2, Canada. 

Received: 19 November 2021   Accepted: 26 January 2022

References
 1. Schwartz KL, Brown KA, Etches J, Langford BJ, Daneman N, Tu K, et al. Pre-

dictors and variability of antibiotic prescribing amongst family physicians. 
J Antimicrob Chemother. 2019;74(7):2098–105.

 2. Jones BE, Sauer B, Jones MM, Campo J, Damal K, He T, et al. Variation in out-
patient antibiotic prescribing for acute respiratory infections in the veteran 
population: a cross-sectional study. Ann Intern Med. 2015;163(2):73–80.

 3. Public Health Agency of Canada. Canadian Antimicrobial Resistance 
Surveillance System report: Public Health Agency of Canada Ottawa, ON, 
Canada; 2020.

 4. Hallsworth M, Chadborn T, Sallis A, Sanders M, Berry D, Greaves F, et al. 
Provision of social norm feedback to high prescribers of antibiotics in 
general practice: a pragmatic national randomised controlled trial. Lan-
cet. 2016;387(10029):1743–52.

 5. Nudge vs Superbugs. a behavioural economics trial to reduce the overpre-
scribing of antibiotics: Australian Government Department of Health; 2018.

 6. Meeker D, Linder JA, Fox CR, Friedberg MW, Persell SD, Goldstein NJ, et al. Effect 
of behavioral interventions on inappropriate antibiotic prescribing among 
primary care practices: a randomized clinical trial. JAMA. 2016;315(6):562–70.

 7. Chung GW, Wu JE, Yeo CL, Chan D, Hsu LY. Antimicrobial stewardship: 
a review of prospective audit and feedback systems and an objective 
evaluation of outcomes. Virulence. 2013;4(2):151–7.

 8. Daneman N, Lee SM, Bai H, Bell CM, Bronskill SE, Campitelli MA, et al. 
Population-wide peer comparison audit and feedback to reduce antibi-
otic initiation and duration in long-term care facilities with embedded 
randomized controlled trial. Clin Infect Dis. 2021.

 9. Ivers NM, Sales A, Colquhoun HL, Michie S, Foy R, Francis JJ, et al. No more 
‘business as usual’ with audit and feedback interventions: towards an 
agenda for a reinvigorated intervention. Implementation Sci. 2014;9(1):14.

 10. Malcolm W, Seaton RA, Haddock G, Baxter L, Thirlwell S, Russell P, et al. 
Impact of the COVID-19 pandemic on community antibiotic prescribing 
in Scotland. JAC-Antimicrobial Resistance. 2020;2(4):dlaa105.

 11. Buehrle DJ, Nguyen MH, Wagener MM, Clancy CJ: Impact of the corona-
virus disease 2019 pandemic on outpatient antibiotic prescriptions in the 
United States. In: Open forum infectious diseases: 2020: Oxford University 
Press US; 2020: ofaa575

 12. Kitano T, Brown KA, Daneman N, MacFadden DR, Langford BJ, Leung V, 
et al. The impact of COVID-19 on outpatient antibiotic prescriptions in 
Ontario, Canada; An interrupted time series analysis. In:  Open Forum 
Infectious Diseases, vol. 2021; 2021.

 13. Knight BD, Shurgold J, Smith G, MacFadden DR, Schwartz KL, Daneman N, 
et al. The impact of COVID-19 on community antibiotic use in Canada: an 
ecological study. Clin Microbiol Infection. 2021.

 14. Grimshaw JM, Ivers N, Linklater S, Foy R, Francis JJ, Gude WT, et al. Reinvig-
orating stagnant science: implementation laboratories and a meta-
laboratory to efficiently advance the science of audit and feedback. BMJ 
Quality Safety. 2019;28(5):416–23.

 15. Schwartz KL, Ivers N, Langford BJ, Taljaard M, Neish D, Brown KA, et al. 
Effect of antibiotic-prescribing feedback to high-volume primary care 
physicians on number of antibiotic prescriptions: a randomized clinical 
trial. JAMA. Internal Med. 2021.

 16. Marchildon GP. Canada, Health System of. International Encyclopedia of. 
Public Health. 2008;381.

 17. Loudon K, Treweek S, Sullivan F, Donnan P, Thorpe KE, Zwarenstein M. 
The PRECIS-2 tool: designing trials that are fit for purpose. Bmj. 2015;350.

 18. Collins LM, Murphy SA, Nair VN, Strecher VJ. A strategy for optimizing and 
evaluating behavioral interventions. Ann Behav Med. 2005;30(1):65–73.

 19. Schwartz KL, Langford BJ, Daneman N, Chen B, Brown KA, McIsaac W, 
et al. Unnecessary antibiotic prescribing in a Canadian primary care set-
ting: a descriptive analysis using routinely collected electronic medical 
record data. CMAJ open. 2020;8(2):E360.

 20. Elouafkaoui P, Young L, Newlands R, Duncan EM, Elders A, Clarkson JE, 
et al. An audit and feedback intervention for reducing antibiotic prescrib-
ing in general dental practice: The RAPiD Cluster Randomised Controlled 
Trial. PLoS Med. 2016;13(8):e1002115.

 21. Desveaux L, Ivers NM, Devotta K, Ramji N, Weyman K, Kiran T. Unpacking the 
intention to action gap: a qualitative study understanding how physicians 
engage with audit and feedback. Implementation Science. 2021;16(1):19.

 22. Steinman MA, Landefeld CS, Gonzales R. Predictors of broad-spectrum 
antibiotic prescribing for acute respiratory tract infections in adult pri-
mary care. Jama. 2003;289(6):719–25.

 23. Silverman M, Povitz M, Sontrop JM, Li L, Richard L, Cejic S, et al. Antibiotic 
prescribing for nonbacterial acute upper respiratory infections in elderly 
persons. Ann Intern Med. 2017;166(11):765–74.

 24. Ontario Drug Benefit: Exceptional Access Program [http:// www. health. 
gov. on. ca/ en/]

 25. Levy AR, O’Brien BJ, Sellors C, Grootendorst P, Willison D: Coding accuracy 
of administrative drug claims in the Ontario Drug Benefit database. 
The Canadian journal of clinical pharmacology= J Can Pharmacologie 
clinique 2003, 10(2):67-71.

 26. Levy AR, O’Brien BJ, Sellors C, Grootendorst P, Willison D. Coding accuracy 
of administrative drug claims in the Ontario Drug Benefit database. Can J 
Clin Pharmacol. 2003;10(2):67–71.

 27. Moher D, Hopewell S, Schulz KF, Montori V, Gøtzsche PC, Devereaux P, 
et al. CONSORT 2010 explanation and elaboration: updated guidelines for 
reporting parallel group randomised trials. Int J Surgery. 2012;10(1):28–55.

 28. Collins LM, Dziak JJ, Kugler KC, Trail JB. Factorial experiments: efficient 
tools for evaluation of intervention components. Am J Prev Med. 
2014;47(4):498–504.

 29. Carman KL, Dardess P, Maurer M, Sofaer S, Adams K, Bechtel C, et al. Patient and 
family engagement: a framework for understanding the elements and devel-
oping interventions and policies. Health Aff (Millwood). 2013;32(2):223–31.

 30. Bellg AJ, Borrelli B, Resnick B, Hecht J, Minicucci DS, Ory M, et al. Enhanc-
ing treatment fidelity in health behavior change studies: best practices 
and recommendations from the NIH Behavior Change Consortium. 
Health Psychol. 2004;23(5):443–51.

 31. Borrelli B, Sepinwall D, Ernst D, Bellg AJ, Czajkowski S, Breger R, et al. A 
new tool to assess treatment fidelity and evaluation of treatment fidel-
ity across 10 years of health behavior research. J Consult Clin Psychol. 
2005;73(5):852–60.

http://www.health.gov.on.ca/en/
http://www.health.gov.on.ca/en/


Page 17 of 17Shuldiner et al. Implementation Science           (2022) 17:17  

•
 
fast, convenient online submission

 •
  

thorough peer review by experienced researchers in your field

• 
 
rapid publication on acceptance

• 
 
support for research data, including large and complex data types

•
  

gold Open Access which fosters wider collaboration and increased citations 

 
maximum visibility for your research: over 100M website views per year •

  At BMC, research is always in progress.

Learn more biomedcentral.com/submissions

Ready to submit your researchReady to submit your research  ?  Choose BMC and benefit from: ?  Choose BMC and benefit from: 

 32. Grava-Gubins I, Scott S. Effects of various methodologic strategies: survey 
response rates among Canadian physicians and physicians-in-training. 
Can Fam Physician. 2008;54(10):1424–30.

 33. Presseau J, McCleary N, Lorencatto F, Patey AM, Grimshaw JM, Francis JJ. 
Action, actor, context, target, time (AACTT): a framework for specifying 
behaviour. Implementation Sci. 2019;14(1):102.

 34. Schwarzer R. Health action process approach (HAPA) as a theoretical 
framework to understand behavior change. Actualidades en Psicología. 
2016;30(121):119–30.

 35. Schwarzer R, Lippke S, Luszczynska A. Mechanisms of health behavior 
change in persons with chronic illness or disability: the Health Action 
Process Approach (HAPA). Rehabil Psychol. 2011;56(3):161–70.

 36. Gude WT, Brown B, van der Veer SN, Colquhoun HL, Ivers NM, Brehaut JC, 
et al. Clinical performance comparators in audit and feedback: a review of 
theory and evidence. Implementation Sci. 2019;14(1):39.

 37. Sekhon M, Cartwright M, Francis JJ. Acceptability of healthcare interven-
tions: an overview of reviews and development of a theoretical frame-
work. BMC Health Services Res. 2017;17(1):88.

 38. McCleary N, Ivers NM, Schwalm JD, Witteman HO, Taljaard M, Desveaux L, 
et al. Interventions supporting cardiac rehabilitation completion: Process 
evaluation investigating theory-based mechanisms of action. Health 
Psychol. 2020;39(12):1048–61.

 39. Olejnik S, Algina J. Generalized eta and omega squared statistics: meas-
ures of effect size for some common research designs. Psychological 
Methods. 2003;8(4):434.

 40. Hayes AF, Preacher KJ. Statistical mediation analysis with a multicategori-
cal independent variable. Br J Math Stat Psychol. 2014;67(3):451–70.

 41. Hayes AF, Rockwood NJ. Regression-based statistical mediation and 
moderation analysis in clinical research: observations, recommendations, 
and implementation. Behav Res Ther. 2017;98:39–57.

 42. Ivers N, Jamtvedt G, Flottorp S, Young JM, Odgaard-Jensen J, French SD, 
et al. Audit and feedback: effects on professional practice and healthcare 
outcomes. Cochrane Database Syst Rev. 2012;(6):Cd000259.

 43. Brown B, Gude WT, Blakeman T, van der Veer SN, Ivers N, Francis JJ, et al. 
Clinical Performance Feedback Intervention Theory (CP-FIT): a new 
theory for designing, implementing, and evaluating feedback in health 
care based on a systematic review and meta-synthesis of qualitative 
research. Implementation Sci. 2019;14(1):40.

 44. Brehaut JC, Colquhoun HL, Eva KW, Carroll K, Sales A, Michie S, et al. Prac-
tice feedback interventions: 15 suggestions for optimizing effectiveness. 
Ann Intern Med. 2016;164(6):435–41.

 45. Braun V, Clarke V. Using thematic analysis in psychology. Qual Res Psychol. 
2006;3(2):77–101.

 46. Fusch PI, Ness LR. Are we there yet? Data saturation in qualitative 
research. Qual Rep. 2015;20(9):1408.

 47. Hopf Y, Francis J, Helms P, Haughney J, Bond C. Core requirements for suc-
cessful data linkage: an example of a triangulation method. BMJ Open. 
2016;6(10):e011879.

 48. Caracelli VJ, Greene JC. Data analysis strategies for mixed-method 
evaluation designs. Educational Evaluation and Policy Analysis. 
1993;15(2):195–207.

 49. McConney A, Rudd A, Ayres R. Getting to the bottom line: a method for 
synthesizing findings within mixed-method program evaluations. Am J 
Evaluation. 2002;23(2):121–40.

 50. Seung SJ, Hurry M, Hassan S, Walton R, Evans W. Cost-of-illness study 
for non-small-cell lung cancer using real-world data. Curr Oncol. 
2019;26(2):102–7.

 51. Canadian Agency for Drugs Technologies in Health: Guidelines for the 
economic evaluation of health technologies: Canada. In.: Ottawa: Cana-
dian Agency for Drugs and Technologies in Health; 2006.

 52. Glick HA, Doshi JA, Sonnad SS, Polsky D. Economic evaluation in clinical 
trials. OUP Oxford. 2014.

 53. Sullivan SD, Mauskopf JA, Augustovski F, Caro JJ, Lee KM, Minchin M, 
et al. Barrios J-MR, Shau W-Y: Budget impact analysis—principles of good 
practice: report of the ISPOR 2012 Budget Impact Analysis Good Practice 
II Task Force. Value in health. 2014;17(1):5–14.

Publisher’s Note
Springer Nature remains neutral with regard to jurisdictional claims in pub-
lished maps and institutional affiliations.


	Optimizing responsiveness to feedback about antibiotic prescribing in primary care: protocol for two interrelated randomized implementation trials with embedded process evaluations
	Abstract 
	Background: 
	Methods: 
	Discussion: 
	Trial registration: 

	Contributions to the literature
	Background
	Ontario Health (OH) Trial
	Public Health Ontario (PHO) Trial
	Research questions
	Effectiveness questions


	Methods
	General study settings
	Trial design
	OH Trial
	PHO Trial

	Population and recruitment
	OH Trial
	PHO Trial

	Intervention
	OH Trial
	PHO Trial

	Allocation
	PHO Trial
	OH Trial

	Outcomes
	Data collection and transfer
	PHO Trial
	OH Trial

	Analysis
	OH Trial
	PHO Trial

	Subgroup analysis
	Sample size
	PHO Trial
	OH Trial

	Process evaluation
	Methods—process evaluation
	Intervention fidelity
	PHO Trial
	OH Trial
	PHO and OH Trials

	Questionnaire to examine mechanism of action
	Theoretical model: Health Action Process Approach
	Recruitment
	OH Trial
	PHO Trial

	Data collection
	Analysis of data from questionnaire
	Sample size

	Data analysis
	Qualitative component of the process evaluation
	Data collection
	Recruitment strategies

	Interview guide
	Analysis
	Data synthesis and triangulation

	Economic evaluation
	Patient and public involvement
	Discussion
	Group authorship statement

	Trial status
	Acknowledgements
	References


